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Shapleyfi [Shapley 1953] LIME [Ribeiro et al. 2016]
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X1 X2 X3 f(x) X1 X2 X3 f(x)
X 1.5 True A 0.8 x 1.5 True A 0.8
xt —0.4  False B 0.6 xt —0.4  False B 0.6
x? 0.1 False A 0.3 x? 0.1 False A 0.3
x3 0.8 True C 0.9 x3 0.8 True C 0.9
x* —1.1  True A 0.2 x* —1.1  True A 0.2
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« ShapleyED 5 ATIWBEHEIEIMNS [Luo et al. 2022]
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Ryotaro Toma and Hiroaki Kikuchi: Record Reconstruction Risk from LIME XAl
Metrics, Modeling Decisions for Artificial Intelligence (MDAl 2024). 2024.

Ryotaro Toma, Hiroaki Kikuchi: Combinations of Al Models and XAl Metrics
Vulnerable to Record Reconstruction Risk, Privacy in Statistical Databases (PSD
2024), LNCS, Vol. 14915, pp. 329-343, Springer, Cham. 2024.

Ryotaro Toma, Hiroaki Kikuchi: Empirical Evaluation of Record Reconstruction Risk
from Model Explanations with Differential Privacy, New Frontiers in Artificial
Intelligence (JSAI-isAl 2025), LNAI, Vol. 15692, pp. 355-367, Springer, Singapore.
2025.
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