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FH ‘ Recall ‘ Precision ‘ MP ‘ ASR
Clean 0.971 0.638 0.923 0.00
Random 0.918 0.594 0.862 | 0.055
Baseline 0.369 0.301 0.231 | 0.620
Baseline+MSE | 0.529 0.323 0.348 | 0.455
Proposed 0.543 0.355 0.355 | 0.441
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